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ABSTRACT

This research investigates the relationship between cultural intelligence, emotional
intelligence, and knowledge sharing while examining social capital as a potential
moderator. Using a mixed-methods approach, data was collected from participants within
Dalhousie University's Faculty of Management. Likert-scale questionnaires were used to
collect data related to measuring variables, and participants’ professional networks were
mapped to evaluate social capital through an egocentric network analysis. SPSS was
employed for descriptive statistics, UCINET for network analysis, and SmartPLS for
hypothesis testing. The results confirm the mediating role of emotional intelligence in
enhancing the link between cultural intelligence and knowledge sharing, though social
capital did not show a significant moderating effect. These findings underscore cultural
and emotional intelligence's importance in fostering knowledge exchange within diverse

organizational contexts.
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CHAPTER 1 INTRODUCTION

In a rapidly changing global landscape, increased immigration, technological
advancements, the ease of remote work, and the growing desire from the workforce to earn
stronger currencies to address financial challenges have led organizations to hire more non-
native labor force from various parts of the world. Unlike in the past, workplaces are no
longer culturally homogenous; they are now composed of individuals from diverse cultural
and historical backgrounds, each with different native languages, all working towards

common organizational goals.

While this diversity has the potential to foster creativity and innovation through the
integration of new perspectives and fresh ideas, these benefits are unlikely to be realized
unless effective communication and knowledge sharing can occur among employees.
Recent research highlights that cultural intelligence plays a critical role in facilitating

knowledge transfer and collaboration between people from varied backgrounds.

In addition to cultural intelligence, emotional intelligence has also been identified as a key
factor influencing knowledge sharing within organizations. However, what I found
particularly intriguing and novel in the literature is the link between cultural intelligence
and emotional intelligence. Several studies suggest that an increase in cultural intelligence

can enhance emotional intelligence, which in turn positively impacts knowledge sharing.

Another important yet complex concept often associated with knowledge sharing is social
capital. Strong and extensive social networks are essential for effective knowledge sharing,

as well-connected individuals tend to share information more easily and efficiently.

Despite the critical importance of knowledge management and knowledge sharing in
organizations—especially in immigrant-rich countries like Canada—there has been
surprisingly little research on these topics within the Canadian academic community in
recent years. Immigration is currently the primary factor behind population growth in
Canada, and if these patterns persist, Statistics Canada's latest projections suggest that By

2041, immigrants could comprise between 29.1% and 34.0% of Canada's

1



population(Statistics Canada, 2022). Yet a systematic review by Hisham Idrees et al.
(2023), finds its universities absent from the top 25 in knowledge management research.
A research gap in Canadian organizations underscores the need for exploration, providing
scholars with an opportunity to contribute to understanding knowledge management
practices in a country influential in global migration dynamics. My research aims to
address this gap by exploring the relationships between cultural intelligence, emotional

intelligence, social capital, and knowledge sharing across multiple cultural contexts.

Thesis outline

To present this research comprehensively and answer the research question, I have
structured the thesis into several chapters, each dedicated to reviewing the relevant
literature, explaining the research methods, and discussing the results and their

implications.

Chapter 2: Theoretical Foundations & Hypotheses

In the second chapter, I will provide practical definitions of the key concepts relevant to
this research. The discussion will focus on the importance of knowledge sharing and how
cultural intelligence, emotional intelligence, and social capital influence it. I will also
review related literature and global studies on these topics, further exploring the
relationship between emotional intelligence and cultural intelligence. Building on these
arguments and prior research, I have formulated a model to illustrate the mechanisms that

connect cultural intelligence with knowledge sharing.

Chapter 3: Research Methodology and Results

In the third chapter, I will outline the research methodology. This research utilizes a
questionnaire designed with two main objectives: mapping each participant's professional
communication network within the organization and statistically analyzing responses to
examine how the independent variables influence the dependent variable. I will also discuss
the sample selection process and explain why I chose this particular methodology,

introducing relevant concepts and definitions where necessary. Furthermore, I will present



the research results and their analysis, discussing the acceptance or rejection of the
hypotheses. This chapter will also provide an explanation of the software utilized in the
analysis, including UCINET, SPSS, and SMART-PLS, along with the necessary tables and

figures to support the analysis of the extracted results.
Chapter 4: Discussion: Literature Contributions, and Future Directions

In this chapter, I will present how the findings align with or differ from previous studies.
Additionally, I will highlight the contributions made in terms of methods and results to the
existing literature on this topic, such as emotional intelligence serves as a mediating factor
between cultural intelligence and knowledge sharing, Additionally, employing a network
analysis approach can effectively mitigate the issue of self-response bias commonly
associated with questionnaires in this type of research. At the end of the chapter, I will

outline the research limitations and offer suggestions for future studies.



CHAPTER 2 THEORETICAL FOUNDATIONS & HYPOTHESES

2.1 Knowledge Sharing

Human resources and their knowledge are vital assets for any organization, and effectively
leveraging this knowledge is crucial. Knowledge sharing within the organization, alongside
utilizing the experiences of each employee, reduces redundant efforts, enhances
productivity, fosters creativity and innovation, improves the effectiveness of organizational
training and learning, and ensures organizational survival (Reagans & McEvily, 2003).
Moreover, Job embeddedness theory assists organizations in reducing turnover by
pinpointing and addressing key factors that enhance employee retention, ultimately
fostering a learning environment where employees feel motivated and empowered to share
their knowledge and skills (Lee et al., 2014; Jiang et al., 2012). In my opinion, knowledge
sharing among employees demonstrates a supportive and trusting environment within the

organization, which further reduces turnover and the intention to leave.

Knowledge sharing is defined as the willingness of individuals within an organization to

exchange the knowledge they have acquired with others (Bock et al., 2005).

The study by Yi (2009) identifies “four subsets of knowledge-sharing behavior (KSB):
written contributions (WC), organizational communications (OC), personal interactions
(PI), and communities of practice (CP)”(Y1i., 2009, p.69). WC involves sharing knowledge
through written documentation, which is easily tracked and often linked to extrinsic
rewards. OC encompasses formal interactions, such as meetings, where employees share
knowledge motivated by their commitment to organizational success, making these

behaviors more noticeable and likely to be rewarded. PI refers to informal exchanges, like
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casual conversations, driven by intrinsic motivation to assist colleagues, although these are
less likely to receive formal recognition. Lastly, CP consists of voluntary groups where
employees share knowledge based on common interests, motivated by reciprocity and trust,
with organizations sometimes encouraging these communities to enhance expertise and
relationships. Each subset highlights distinct motivations and methods for knowledge

sharing within organizations.

2.2 Cultural Intelligence and Knowledge Sharing

The dissemination of knowledge in organizations is influenced by the cultural differences
of people due to differences in language, race, historical background, gender, etc (Wahyu

Adi & Musbah, 2017).

Cui et al. (2019) investigated the impact of national cultural differences on cooperation
within International Construction Joint Ventures (ICJVs), focusing on individuals working
in state-owned enterprises within the Chinese international construction sector. Using
multiple regression analysis to test their hypotheses, they revealed that cultural differences
could hinder knowledge sharing, problem-solving, and adaptability. However, their study
introduced cultural intelligence as a moderating variable, demonstrating its significant role
in mitigating these negative effects and facilitating more effective collaboration in

culturally diverse environments.

“Cultural intelligence (CQ) refers to an individual's capacity to effectively navigate and

manage in culturally diverse environments” (Van Dyne et al., 2012, p.295).



According to Ang et al (2007) cultural intelligence (CQ) has four dimensions—
metacognitive, cognitive, motivational, and behavioral: Metacognitive CQ involves the
mental processes of planning, monitoring, and adjusting approaches during cross-cultural
interactions, such as manager reflecting on team members' cultural preferences. Cognitive
CQ refers to knowledge of cultural norms and systems, like an employee understanding
the work etiquette of colleagues from different countries. Motivational cultural intelligence
(CQ) represents an individual's ability to channel their energy and enthusiasm into
interacting with and adapting to different cultures, exemplified by a businessperson eager
to learn about a new market. Finally, Behavioral cultural intelligence (CQ) refers to the
ability to adjust both verbal and non-verbal behaviors appropriately, like a diplomat
adjusting communication styles to suit diverse cultural settings. Together, these dimensions

help individuals function effectively in culturally diverse environments (Ang et al, 2007)

Individuals with higher cultural intelligence (CQ), thanks to their robust cognitive,
behavioral, and motivational abilities, are better equipped to collaborate with people from
diverse cultures and can adapt more quickly to unfamiliar situations (Ott and Michailova,
2018). Jyoti and Kour (2017) suggest that culturally intelligent managers can recognize
and navigate cultural differences effectively, which enhances their success in multicultural
settings. Additionally, research indicates that managers with higher cultural intelligence
are more adept at sharing new ideas (Ahmadi et al., 2013). Furthermore, Ratasuk and
Charoensukmongkol (2020) investigated knowledge sharing (KS) within culturally diverse
teams, focusing on the role of cultural intelligence (CQ). Using a survey of 103 cross-
cultural teams, their study found that teams with higher levels of CQ displayed a

significantly greater propensity for team knowledge sharing.



Based on these findings, I hypothesized that:

H1. There is a positive relationship between cultural intelligence and knowledge sharing.

2.3 Social Capital: The Moderating Role Between Cultural Intelligence and

Knowledge Sharing

The flow of organizational knowledge is significantly influenced by social capital, which
serves as a crucial resource that fosters effective knowledge sharing and exchange within
organizations (Chowdhury et al., 2020). “Social Capital (SC) is the sum of both actual and
potential resources that can be obtained from, or derived from, the network of relationships
of which an individual or a social unit is a member”(Nahapiet and Ghoshal., 1998, p.243).
Unlike other forms of capital, social capital is determined by an individual’s position or

location within their social relationships network (Miles, 2012, p.250)

Kadushin (2011) highlights that communication offers numerous advantages, one of which
is the acquisition of information and knowledge that aids in career development, job
searches, and personal problem-solving. These resources, accessed through our
communication networks, constitute our social capital, although we do not directly own
them (p. 3). Having high social capital doesn't imply possessing tangible resources, but
rather, it reflects the ability to leverage a broad and high-quality network, allowing one to
meet needs more easily and quickly than others. A well-functioning communication
network should have qualities that enhance social capital. For example, Tortoriello (2012)
explains that transitioning from a simple dyadic connection (two individuals) to a fully

connected triad (three or more mutually connected individuals) provides key benefits. It



diminishes individual self-interest, reduces bargaining power imbalances, and fosters
cooperation and conflict resolution. Research by Tortoriello (2012) also indicates that,
where individuals are embedded in a tightly connected group, facilitate more open and
complete knowledge sharing among network members. Also, Burt (2004) asserts that
acting as a bridge between two cohesive networks significantly increases one’s social
capital, as it creates a dependency on the individual who connects the networks. Therefore,

strengthening various network dimensions is crucial for enhancing social capital.

I will reference two studies to understand how social capital is developed and its various
dimensions. The first is the article by Nahapiet and Ghoshal (1998), which identifies three
dimensions of social capital: the structural dimension, which examines communication
patterns, levels, and density within networks; the relational dimension, which focuses on
elements that are established and reinforced through communication, such as identity,
rules, expectations, and trust; and the cognitive dimension, which pertains to shared
insights, meanings, narratives, and interpretations. The second study is by Vallejos et al.
(2008), which outlines the measurement criteria for each dimension. For the structural
dimension, factors such as ties, density, and stability are specified. The relational
dimension includes indicators like reciprocity, participation, and tolerance for diversity,
while the cognitive dimension encompasses shared stories, common values, and collective

codes (Vallejos et al. 2008, p.46)

Rudolph and Zacher (2021) underscore the crucial role of satisfying three psychological
needs for employees: competence, relatedness, and autonomy. In particular, they focus on
relatedness, noting that the "need for relatedness can be satisfied through feelings of

connectedness and belonging, which are often experienced within the social context of the



workplace" (Rudolph & Zacher, 2021, p. 5). From this standpoint, I propose that
relatedness is a vital psychological need for employees. Therefore, those who cultivate
strong social connections (i.e., possess greater social capital) are likely to feel a stronger
sense of belonging and connectedness with their colleagues, leading to increased

knowledge-sharing behaviors.

Borges et al. (2019) conducted a comparative study between Brazil and Indonesia,
exploring the factors influencing tacit knowledge sharing among information technology
(IT) professionals. Using partial least squares (PLS) analysis to assess both structural and
confirmatory models, they found that strong social ties within the workplace significantly
foster the willingness to share tacit knowledge. This aligns with Reagans and McEvily's
(2003) findings, which suggest that tacit knowledge transfer is more effective within strong
ties, as closer relationships enhance motivation to assist contacts and develop relationship-
specific heuristics and specialized language, facilitating the communication of complex

knowledge.

Ton et al. (2023) conducted a global study involving 465 students from various countries
to explore the influence of social capital on knowledge-sharing behavior within educational
organizations. Using survey data, the study revealed that social capital has a significantly

positive impact on students' willingness to share knowledge.

Social capital and cultural intelligence both play crucial roles in enhancing interactions
within diverse environments, though they do so in complementary ways. Social capital,
characterized by the strength of interpersonal relationships and networks, promotes trust,
collaboration, and reciprocity, all of which are vital for knowledge sharing. Cultural

intelligence, meanwhile, equips individuals to adapt effectively in cross-cultural settings,
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adjusting their behavior and communication to different cultural norms. When social
capital is strong, it creates a supportive environment that amplifies the positive effects of
cultural intelligence, enabling individuals to share knowledge more openly and efficiently.

Therefore based on this literature I hypothesized the following:

H2. Social capital moderates the relationship between cultural intelligence and

knowledge sharing.

2.4 Emotional Intelligence and Knowledge Sharing

“Pioneering studies on emotional intelligence characterize it as the capacity to accurately
and adaptively perceive and express emotions. This includes understanding emotional
knowledge, leveraging feelings to enhance cognitive processes, and regulating emotions in
oneself and others.”(Crowne., 2013, p.6). According to Salovey and Mayer (1990),
emotional intelligence is “the ability to monitor one’s own and other's emotions, to
discriminate among them, and to use the information to guide one’s thinking and
actions”(Salovey & Mayer., 1990, p.189). Lin et al. (2012) like many researchers explain
that emotional intelligence (EI) includes four key skills. First is self-emotion appraisal, the
ability to understand and naturally express one’s own emotions. Others-Emotions
Appraisal is about recognizing the emotions of others, like sensing frustration in a
colleague. Regulation of Emotion involves managing your emotions and staying calm or
focused in tough situations. Lastly, the Use of Emotion is positively using emotions to
boost personal performance, such as channeling excitement to motivate a team (Lin et al,

2012).
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Enhancing communication skills and emotional intelligence (EI) hinges on understanding
the differences in perception between oneself and others. Pronin (2008) emphasizes that
people's interpretations of situations are often influenced by various internal and external
factors. This awareness enables individuals with high EI to modify their communication
styles, effectively bridging gaps in understanding. Additionally, Pronin's findings highlight
the critical role of empathy in recognizing and validating others' perspectives. As a result,
individuals with strong EI excel at empathizing with others, creating a nurturing
environment that promotes knowledge sharing.

Zsigmond and Mura (2023) examined the impact of emotional intelligence (EI) on the
willingness to transfer knowledge among employees of Slovak Small and Medium-sized
Enterprises (SMEs). Using a questionnaire survey, the researchers applied two-way
variance analysis and binomial logistic regression to analyze their data. The findings
revealed that the level of emotional intelligence influences employees' willingness to
engage in knowledge transfer, highlighting the role of EI in fostering knowledge-sharing
behaviors in the workplace.

Based on these findings, I hypothesized that:

H3. There is a positive relationship between emotional intelligence and knowledge sharing.

2.5 Emotional Intelligence: The Mediating Role Between Cultural Intelligence and

Knowledge Sharing

“Cultural intelligence is both conceptually and empirically distinct from other individual
differences, such as emotional intelligence and personality traits.” (Ang et al. 2007, p. 363).

Cultural intelligence (CQ) and emotional intelligence (EI) are both rooted in the theory of

11



multiple intelligences, but they serve different purposes, particularly in cross-cultural
contexts. EI encompasses skills like self-awareness, impulse control, and empathy, which
may not be applicable across cultures (Kumar et al., 2008). For example, an individual with
high EI may empathize well within their cultural group but struggle to understand
emotional cues in a different culture. In contrast, CQ refers to the ability to adjust to diverse
cultural situations and includes awareness of cultural norms and practices. For instance, a
manager with high CQ would know when to shake hands or bow, demonstrating cultural
sensitivity. While EI focuses on personal emotions and social skills, CQ emphasizes the
ability to navigate and adapt to different cultural contexts. Furthermore, motivation to
engage with different cultures often derives from CQ's emphasis on self-efficacy rather
than El's focus on personal achievement (Kumar et al., 2008). For example, a person with
high CQ might actively seek opportunities to work in multicultural teams to expand their
understanding, while someone with high EI might concentrate on improving personal
relationships within a familiar cultural environment. Thus, successful cross-cultural
interactions require a blend of both intelligences, allowing individuals to understand and
connect with others effectively.

Awareness of the behaviors of individuals from different cultures can help a person develop
greater emotional intelligence (Crowne, 2013). According to Kumar et al (2008), emotional
intelligence plays a crucial role in how we perceive and understand emotions in others.
This ability involves accurately interpreting emotional expressions, but these expressions
can vary significantly across cultures. For example, a smile might convey happiness in one
culture but be interpreted differently in another (Kumar et al, 2008). This is where cultural

intelligence comes in, as it helps individuals navigate these cultural nuances.
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To truly understand someone's emotions, we need to be aware of their cultural background.
Research shows that emotions are shaped by cultural beliefs and norms, meaning that what
one person finds distressing might not affect someone from a different culture in the same
way (Kumar et al, 2008). For instance, if someone from a collectivist culture sees another
person in distress because they failed to meet family expectations, they may respond with
empathy. In contrast, someone from an individualistic culture might not understand this
level of distress because they prioritize personal achievements.

Magdy Hussein's (2023) dissertation explores the intersection of cultural intelligence and
empathic communication, particularly in diverse healthcare settings. Focusing on
nonverbal behaviors, which vary significantly across cultures and influence perceptions of
effective communication, her research addresses the challenge of intercultural
communication in healthcare. Through three papers, she examines the perspectives of
empathy recipients, the role of nonverbal cues, and the implications for communication
senders. Using qualitative methods, her findings highlight the importance of nonverbal
cues in cross-cultural empathy and reveal that empathy is not only shaped by the sender
but also heavily influenced by the recipient's cultural background (Magdy Hussein, 2023).
Given this interplay between EI and CQ, it makes sense that emotional intelligence can act
as a bridge between cultural intelligence and knowledge sharing. When individuals
enhance their cultural intelligence, they become more adept at recognizing and interpreting
emotional cues across diverse contexts. This increased awareness enriches their emotional
intelligence, enabling them to connect more deeply with others. Based on these arguments,

I formulated the following hypotheses:
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H4. There is a positive relationship between cultural intelligence and emotional
intelligence.
H5. Emotional intelligence mediates the relationship between cultural intelligence and

knowledge sharing.

2.6 Research Model

In this model, I have assumed that emotional intelligence mediates the influence of cultural
intelligence on knowledge sharing and that social capital moderates the effect of cultural

intelligence on knowledge sharing.

__ Emotional Intelligence
Perception of Emotion

¥| Managng Crwn Emotions

Manzgmg Others’ Emotions
Utihzanen of Emarion

a
Culnural Ielligence Knowladge Shanng
Metacogmitive Wrarien Contnbutions
Commtive .| Orea tipzataoginl Conumencations
Motvational # Personal Interactons
Behavioral Commumrties of Prachice

Socul Capital |
Structural Capatal |
Relational Capstal
Cognityve Capatal

Figure 1: Research Model
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CHAPTER 3 RESEARCH METHODOLOGY AND RESULTS

3.1 Sample & Data Collection

This research evaluates social capital through individual networks, focusing on a micro-
level analysis known as the network approach to social capital (Adam & Roncevic, 2003).
According to Light and Moody (2020), gathering communication network data can be a
lengthy and expensive process (p.5). One straightforward approach is to ask individuals a
series of brief questions about the people they are connected to (Light & Moody, 2020,
p.5). I selected this method for my research because it significantly minimizes self-
reporting bias. When participants are asked to identify who they turn to for specific issues,
and they are aware that you will ask those individuals similar questions, the responses tend
to be more truthful, reducing bias in the data. This approach ensures greater accuracy in
capturing authentic communication networks. Data was collected from 30 individuals (10
staff, 10 faculty members, and 10 students) from Dalhousie University's Faculty of
Management. According to Hanneman and Riddle, (2005) typically, network studies aim
to capture data from the entire target population, but there must be a defined starting point
and an eventual cutoff for data collection. The process can be concluded when no new
members are identified, or when practical constraints, such as time or resources, limit
further collection (Hanneman & Riddle, 2005). In this research, the target population is the
network of individuals within the Faculty of Management at Dalhousie University. Data
collection began with a sample of 10 individuals from each group: faculty members,

students, and staff. Convenience sampling was employed to ensure diverse cultural
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representation. The initial network consisted of 30 participants, with the potential to expand
to 180 additional individuals through their communication networks(Participants were
asked six questions, such as who they seek for work advice or emotional support), bringing

the total possible participants to 210.

Due to time constraints and the lack of cooperation from participants in identifying their
communication networks, as well as the non-cooperation of alters in revealing their
connections (which could have determined the presence or absence of dyadic or triadic
relationships), data collection faced significant limitations. These challenges hindered the
comprehensive mapping of the community's communication network. As a result, the data
collection was concluded after obtaining complete data from 35 individuals (21 from the
initial group and 14 from the second circle). It's important to note that this was a network
study, not merely a survey study, so it was anticipated that not all 210 individuals would
participate. In some cases, the initial participants did not refer anyone from their network,
or they mentioned the same person for multiple types of connections. Based on the
responses, 73 individuals were eligible to participate, but 35 complete questionnaires were
received, with three discarded due to missing data. This resulted in a response rate of

approximately 48%.

3.2 Measures

All variables were measured using Likert-type scales, with item responses averaged to
create composite scores. Higher values on these scales indicate a greater level of the

construct being measured unless stated otherwise. To conduct the necessary calculations
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and analyses for this research, I used three different software tools: SPSS 20.0 for
descriptive statistics, UCINET 6 for generating network diagrams and calculating the
structural and relational dimensions of social capital, and SmartPLS 4.0 for testing

statistical assumptions.

3.2.1 Knowledge Sharing

To assess knowledge sharing in my research, I utilized the scale developed by Jialin Yi
(2009), which measures knowledge sharing across four dimensions. This 28-item scale
employs a 7-point Likert scale, where respondents indicate their level of agreement with
specific behaviors, ranging from 1 (Completely Disagree) to 7 (Completely Agree). The
dimensions include Written Contributions (5 items, e.g., publishing papers in company
journals), Organizational Communications (8 items, e.g., sharing success stories in
meetings), Personal Interactions (8 items, e.g., supporting less-experienced colleagues),
and Communities of Practice (7 items, e.g., sending relevant information through

community email lists).

3.2.2 Emotional Intelligence

To measure emotional intelligence in my research, I utilized the Schutte et al. (1998)
Emotional Intelligence Scale, originally developed from a 62-item questionnaire and
refined into a one-factor, 33-item measure based on the Salovey & Mayer (1990) model of
emotional intelligence. While Schutte et al. (1998) categorized the items broadly, I
followed Musonda et al. (2019), who further refined these items into four dimensions:

“managing one's own emotions, managing others' emotions, perception of emotions, and
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utilization of emotions”(Musonda et al, 2019, p.38). This Likert scale asks respondents to
rate each item on a 7-point scale, from 1 (Completely Disagree) to 7 (Completely Agree).
The dimensions include Managing Others' Emotions (8 items, e.g., "Other people find it
easy to confide in me"), Managing Own Emotions (9 items, e.g., "I motivate myself by
imagining a good outcome to tasks I take on"), Perception of Emotion (10 items, e.g., "I
am aware of my emotions as I experience them"), and Utilization of Emotion (6 items, e.g.,

"When my mood changes, I see new possibilities").

3.2.3 Cultural Intelligence

In my research, I used the Cultural Intelligence Scale developed by Ang et al. (2007) to
measure cultural intelligence across four key dimensions. This 20-item scale follows a 7-
point Likert format, where participants express their level of agreement, from 1
(Completely Disagree) to 7 (Completely Agree). The dimensions assessed include
Metacognitive cultural intelligence (4 items, e.g., "I adjust my cultural knowledge when
interacting with people from unfamiliar cultures"), Cognitive cultural intelligence (6 items,
e.g., "I understand the rules and vocabulary of other languages"), Motivational cultural
intelligence (5 items, e.g., "I enjoy being in culturally diverse environments"), and
Behavioral cultural intelligence (5 items, e.g., "I modify my verbal behavior, such as tone

or accent, during cross-cultural interactions").

3.2.4 Social Capital

In this research, I adopted the egocentric network approach to study social networks.
According to Chung et al. (2005), There are two main approaches to studying social

networks: the sociometric and egocentric network approaches. While the sociometric
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approach is used when network boundaries are clearly defined, the egocentric approach is
increasingly popular for its focus on individuals, groups, and communities (Chung et al.,
2005). Rageans and McEvily (2003) describe the sociometric approach as one where
researchers examine past projects or events, identify who collaborated, and ask participants
to confirm or remove connections based on historical data. In contrast, the egocentric
approach directly inquires about people's actual relationships, reflecting their genuine
interactions and allowing a more personalized depiction of their networks. My research

follows this egocentric approach, focusing on the participants' real connections.

To capture the real connections, as well as to depict their strength and direction, I asked
the participants six specific questions. These questions, inspired by Foster (2015), included
inquiries such as "Which person in the organization do you refer to for career advice and
guidance?" (within the organization being the Faculty of Management) and "On average,
how often do you talk to each other?" (responses ranged from 1 = Rarely, to 5 = Almost
always). The answers to these questions were designed to assess the structural, relational,

and cognitive dimensions of social capital within the network.

The structural dimension was assessed using "Ties" and "Information centrality" items.
Ties represent the number of direct connections among all nodes in the ego network
(Hanneman & Riddle, 2005), while information centrality measures how well-connected a
person (or point) is within a network by looking at all the paths they have to others. It
considers not just direct connections but also indirect ones. According to Stephenson and
Zelen (1989), The idea is that a person’s importance is based on how easily and efficiently
they can communicate with others through multiple paths, and each path is given a weight

depending on its length and how much unique information it provides. Shorter paths carry

19



more weight because they are more efficient. Information centrality calculates the overall
importance by averaging the information from all these paths, giving more importance to
those with shorter, more direct paths to others (Stephenson & Zelen, 1989). The relational
dimension was measured using the "Effective size" item, which according to Hanneman
and Riddle (2005) reflects the non-redundant connections in the network. Effective size is
calculated by taking the total number of an individual's connections (alters) and subtracting
the average number of connections that exist among those alters themselves (Hanneman &
Riddle, 2005). For example, if an individual (A) has three connections and none of them
are connected to each other, the effective size of the network is three. However, if those
connections are interconnected, the effective size reduces due to redundancy. The cognitive
dimension, linked to shared values, common language, and visions, was measured by
examining questionnaire responses, which specified the strength and type of relationships
between individuals. This dimension captures how people form networks based on shared
visions and values, influencing whom they seek advice as well as subjects from other

connections.

The social capital-related questions were measured using a 5-point Likert scale. Since
UCINET generated the data for Effect size, Information centrality, and Ties, which are not
on a Likert scale, I transformed these outputs into categorized scales. These grouped data
were then converted into a spectrum format, allowing them to be entered into the SmartPLS
software for further analysis. (All the questionnaires utilized to measure the variables,
which were combined into a comprehensive and cohesive survey, can be found in

Appendix A)
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3.3. Descriptive Statistics

In the descriptive analysis of the 35 participants from the Faculty of Management at
Dalhousie University, based on the SPSS software outputs, the following details can be
highlighted: The age of participants ranged from 24 (the youngest) to 77 (the oldest), with
an average age of 41.97 years. Regarding work experience, participants had a range from
no work experience (0 years) to a maximum of 47 years, with an average of 18.33 years.
Generally, younger participants and those with less work experience were students, while

older participants with longer work histories were staff and faculty members.

Table 1: Age and work experience of the participants

Descriptive Statistics

N Minimum  Maximum Mean Std. Deviation
Age (In years) 35 24 77 41.97 15163
Work Experience (In ygars) 35 0 48 18.33 15926

Valid N (listwise) 35

Among the 35 respondents, 14 were students, 10 were faculty members, 10 were
employees, and one was a researcher. Regarding gender, 42.9% of the respondents were
men, while 57.1% were women. Furthermore, Of the respondents, 34.3% were born in
Canada, while 65.7% were born in other countries. (The corresponding tables are available

in Appendix B for further reference.)

3.4 Network Results

To analyze the relationships between variables, as outlined in previous chapters, the impact

of social capital on the relationship between cultural intelligence and knowledge sharing
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was assessed using network analysis and UCINET 6 software. The connections between
network members were coded and organized into a square matrix. After loading the matrix
into the software, The software first provides a visual representation of the communication
network among the members, helping to understand the scope of each person's network
and identifying whether relationships between members are reciprocal (two-way) or
unilateral (one-way). The network density was calculated to be approximately 0.283,
indicating a sparse network. Reciprocity, defined as the proportion of mutual relationships
relative to total reported ties, was 0.064 for dyad reciprocity, further highlighting the lack
of mutual interconnections (Appendix C). Notably, many relationships were observed as
isolated dyads or small clusters disconnected from the broader network. This sparse
network structure suggests limited interaction across the organization and reflects
significant fragmentation. The absence of strong reciprocity and widespread connections
limits the potential for cohesive knowledge exchange or collaboration. Among the 10
reciprocal (two-way) connections identified in the network, only two were between
individuals of the same country of origin. The remaining eight reciprocal ties occurred
between individuals from different countries, indicating a higher tendency for cross-
national reciprocity. However, all reciprocal ties were intragroup, meaning they occurred
within the same organizational role (e.g., student-student, staff-staff, faculty-faculty), with

no reciprocal connections observed across different groups.
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Figure 2: Network visualization

Key outputs such as Information Centrality, Effect Size, and Ties were generated alongside
this visualization (A part of the network matrix and the original software outputs are
available in Appendix C). In the next step, these outputs—Information Centrality, Effect
Size, and Ties—are entered into the research model and analyzed using Smart PLS

software as the measurement items for relational and structural social capital.
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Table 2: Network analysis output

Participants code Information centrality Ties Effect size
1-FACI1 0.063 7 7
2-STU1 0.009 0 0
3-STU2 0.056 3 3
4-STU3 0.06 6 5
5-STU4 0.016 2 1
6-STUS 0.016 2 1
7-STF1 0.016 1 1
8-STU6 0.009 0 0
9-STF2 0.062 5 4.6
10-STU7 0.009 0 0
11-STF3 0.058 2 0
32-STF4 0.061 4 2.375

37-FAC2 0.06 2 2
38-STF5 0.045 7 5.643
39-STU8 0.058 3 3
49-STU9 0.022 2 2
50-FAC3 0.062 3 3
55-FAC4 0.016 1 1
61-FAC6 0.043 5 5
71-FAC7T 0.03 4 4
89-FACS 0.06 3 3
34-FACS 0.063 7 5.643
21-STU10 0.057 2 1
17-STU11 0.058 3 3
23-STU12 0.016 2 1
24-STU13 0.016 2 1
30-STF6 0.056 2 2
16-STF7 0.06 1 1
42-STF8 0.045 5 3.5
57-FAC9 0.051 2 2
60-STF9 0.055 3 3
58-STF10 0.051 1 1
43-STF11 0.045 3 3
53-STU14 0.037 6 6
64-FACI10 0.043 5 5

3.5 Construct Reliability & Validity

In this study, the reliability and validity of each measurement instrument were first
evaluated individually using confirmatory factor analysis. Once the structural model was

developed in SmartPLS, the reliability, and validity of the overall model were also tested
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to ensure the consistency and accuracy of the measurements about the entire model

structure.

3.5.1. Cultural Intelligence Construct

Several key criteria were evaluated to establish the validity and reliability of the
questionnaire. To perform the confirmatory factor analysis of the questionnaires, I utilized
CB-SEM in SmartPLS software. I confirmed convergent validity by assessing the outer
loadings and the average variance extracted (AVE). All indicators showed factor loadings
greater than 0.5, indicating that they share a significant amount of variance with their
respective constructs (Hair et al., 2014, p.128) (Appendix D: Constructs’ factor analysis).
The AVE for each construct exceeded the threshold of 0.5, further supporting convergent
validity (Hair et al., 2014, p.128). Additionally, I demonstrated reliability through
Cronbach's alpha values greater than 0.7 and composite reliability (CR) scores also above
0.7, confirming that the constructs consistently measure their intended concepts (Hair et
al., 2014, p.128). Overall, these results affirm the reliability and validity of the

questionnaire for my study.

Table 3: Cultural intelligent construct reliability and validity

Cronbach's alpha Composite Average Variance
Reliability(rho_c) Extracted (AVE)
CQ_BEH 0.896 0.89 0.625
CQ_COG 0.864 0.876 0.528
CQ_MC 0.925 0.925 0.775
CQ_MOT 0.85 0.831 0.521

Also According to Fornell and Larcker (1981), discriminant validity is acceptable when

the average variance extracted (AVE) for each construct exceeds the shared variance with
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other constructs, assessed through a correlation matrix where the diagonal values represent
the square roots of the AVE. A model is valid if these diagonal values are greater than the

corresponding off-diagonal values.

Table 4: Discriminant validity of cultural intelligence construct

Discriminant validity - Fornell-Larcker criterion

CQBEH <CQcCoG cCQ MC Co MOT

CQ_BEH 0.791

CQ CoG 0.262 0.727

cQ_McC 0.759 -0.047 0.880

cQ_MOT 0.229 0.593 0.116 0.722

As indicated in the table above, the diagonal values surpass all corresponding off-diagonal

values, confirming that this model demonstrates acceptable discriminant validity.

3.5.2 Emotional Intelligence Construct

For the emotional intelligence questionnaire, the confirmatory factor analysis results
indicated that several items had factor loadings below 0.4. After removing these questions,
4 dimensions remained with a total of 12 questions (Appendix D: Constructs’ factor
analysis). As shown in Tables 6 and 7, reliability, convergent validity, and discriminant

validity were confirmed.

Table 5: Emotional intelligence construct reliability and validity

Cronbach's alpha Composite Average Variance
Reliability(rho _c) Extracted (AVE)
EI_ MOT 0.767 0.826 0.585
EI_ MOW 0.771 0.769 0.537
EI_PE 0.774 0.81 0.502
EI_UE 0.83 0.836 0.728
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Table 6: Discriminant validity of emotional intelligence construct

[ELMOT
ELMOT 0765
El MOW 01.556
El PE 0521
Ei UE 0.723

- Fornell-Larcker criterion

ELMOW ELPE EIUE

0.733
&7 0708
0,703 0563 0853

3.5.3 Knowledge Sharing Construct

For the knowledge-sharing questionnaire, the confirmatory factor analysis revealed that 4

items had factor loadings below 0.4. After removing these items, 4 dimensions remained,

totaling 24 questions (Appendix D: Constructs’ factor analysis). As illustrated in Tables 8

and 9, the reliability, convergent validity, and discriminant validity were confirmed.

Table 7: Knowledge sharing construct reliability and validity

KS_CP 0.884
KS_OC 0.917
KS_PI 0.924
KS_WC 0.852

0.877
0.908
0.925
0.853

0.53
0.642
0.624
0.743

Table 8: Discriminant validity of knowledge sharing construct

K5 OC 0.479
KS Pl 0716
KS_WC 0.104

0.807
0677 0790
0470 0274 (0852

3.6. Research Model and Hypotheses Testing
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I selected SmartPLS for my analysis because it is particularly suited to situations where the
data distribution does not matter, small sample sizes, and varying measurement scales (Hair
et al., 2014, p.22). Path models visually represent hypotheses and relationships between
variables in structural equation modeling (SEM). Constructs, which are not directly
measured variables, are shown as circles in these models. Arrows represent relationships
between constructs and between constructs and their indicators, with single-headed arrows

in PLS-SEM indicating the direction of the relationships (Hair et al., 2014, p.11).
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Figure 3: The Structural Model PLS-SEM Algorithm Results

As shown in Figure 3, all factor loadings of the reflective variables’ remaining indicators
in the model exceed 0.4. In the analysis of formative indicators, removal should not be
based solely on low outer weights. Instead, the significance of each indicator must be
examined. If an indicator is significant, it should remain in the model regardless of its outer
weight. For non-significant indicators, the outer loading becomes the next criterion; if the

outer loading exceeds 0.5, the indicator should be retained even if it lacks significance
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(Hair et al., 2014, p.150). Although two of the formative indicators are not statistically
significant, they are retained in the model due to their outer loadings exceeding 0.5 (0.836
and 0.821). (Appendix E provides the details on the significance of all indicators and the
outer loadings for the social capital indicators) Additionally, the values for Cronbach's
alpha and composite reliability (CR) are greater than 0.7, while the average variance
extracted (AVE) surpasses 0.5 (Table 9). Regarding discriminant validity, although the
Fornell-Larcker criterion reveals a slight difference between the diagonal and off-diagonal
values for the emotional intelligence variable (Table 10), this difference is minimal (0.029).
When combined with validation through the cross-loading method (Table 11), we confirm

that discriminant validity is established.

Table 9: The structural model reliability and validity

Construct reliability and validity - Overview

Va0 e =
o Lals Lads 13 Lo

Bl 0786 0786 1862 0.505

Cronbach'salpha  Composite reliability {rho_.a) Compesite reliability (rhoc) Average variance exiracted (AVE)

P A 7
Ks L8R2 j 1919 1,792
(L8562 011 0.919

Table 10: Discriminant validity of the structural model-Fornell Larcker criterion

Discriminant validity - Fornell-Larcker criterion
cQ El KS

cQ 0.920

El 0.809 0.780

KS 0.563 0.649 0.891
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Table 11: Discriminant validity of the structural model-Cross Loading

Biscriminant validity - Cross loadings

cq El Ks
CO-BEH 093 0534 1533
CO-MC 0827 0799 (505
El-MOT' 0592 0Me 0&5e
El-MOW" 0705 0,508 2396
EI-PE’ De4E 0781 0559
El-UE* 0.586 (LAOG 0364
Ks-CP ne1s 0538 861
Ks.0C' oo72 0200 0713
K5-Pi 0557 G637 0974

Chin (1998) emphasizes that formative measurement models are appropriate when
indicators define or "form" the construct rather than reflect it. In my study, where social
capital is viewed through factors like ties, effective size, information centrality, and
cognitive dimensions (e.g., the strength of relationships), these dimensions are often
conceptualized as formative indicators rather than reflective because they form the
construct of social capital rather than the consequences of it. According to Hair et al (2014),
only reflective multi-item constructs should be assessed using the Fornell-Larcker criterion
(p-117). This means that Social Capital, as a formative construct, does not rely on the AVE
value for validity evaluation, as AVE does not apply to formative measures. Instead, it is
essential to examine collinearity among the indicators of formative constructs to ensure
validity. In PLS-SEM, variance inflation factors or VIF values help assess collinearity
among indicators in formative constructs. According to Hair et al. (2014), VIF values
above 5 indicate potential collinearity issues that may distort model interpretation (p.143).
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With cognitive social capital at 1.221 and relational and structural at 3.348 and 3.277,
respectively, the values are well below 5 (Appendix D). This suggests no issues with

collinearity among the social capital dimensions.

After confirming the reliability and validity of the construct measures, the next step is to
evaluate the results of the structural model. Evaluating the results of this structural model
allows us to assess the model's ability to support or reject the proposed hypotheses (Hair et

al., 2014, p.190).

3.6.1 Structural Model Path Coefficients (Direct Relationship)

The analysis of the path coefficient for the direct relationship between cultural intelligence
and knowledge sharing indicates a significant positive relationship. After running the PLS-
SEM algorithm, the path coefficient for this relationship was found to be 0.587, with a p-
value of 0.000 and a t-statistic of 5.169 (Appendix F: Path coefficients). Since the p-value
is well below the 0.05 significance threshold, we can confidently reject the null hypothesis
and conclude that there is a significant positive relationship between cultural intelligence
and knowledge sharing at the 5% significance level (Hair et al., 2014, p.196). Thus, the

hypothesis that cultural intelligence positively influences knowledge sharing is supported.

3.6.2 Structural Model Path Coefficients (Mediation Construct)

The analysis reveals that cultural intelligence and knowledge sharing are connected by an
indirect relationship via the mediating variable, emotional intelligence. Initially, the direct
relationship between cultural intelligence and knowledge sharing showed a significant path
coefficient of 0.587. However, after accounting for emotional intelligence as a mediator,

the direct path coefficient dropped to 0.119 with a p-value of 0.529, indicating it is no
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longer significant. In contrast, the indirect effects via emotional intelligence remain strong,
with a path coefficient of 0.809 (p-value 0.000) between cultural intelligence and emotional
intelligence, and a path coefficient 0f 0.559 (p-value 0.001) between emotional intelligence

and knowledge sharing.

0.809 (0.000) 0.559 (0.001)

0.1 (0.529)

Figure 4: Testing Mediation Effects

This suggests that emotional intelligence fully mediates the relationship between cultural
intelligence and knowledge sharing, leading to an "indirect-only mediation" (Hair et al.,
2014, p.234). The indirect effect is significant, while the direct effect becomes
nonsignificant, meaning that emotional intelligence fully explains the relationship between

the two constructs.

The analysis confirms the hypotheses regarding the mediating construct. The first, a
positive relationship between cultural intelligence and emotional intelligence, is accepted
(path coefficient 0.809, p-value 0.000). The second, a positive relationship between
emotional intelligence and knowledge sharing, is also supported (path coefficient 0.559, p-

value 0.001). Finally, the third hypothesis, that emotional intelligence mediates the
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relationship between cultural intelligence and knowledge sharing, is confirmed, as the
direct relationship became nonsignificant (path coefficient 0.119, p-value 0.529),

indicating full mediation.

3.6.3 Structural Model Path Coefficients (Moderation Construct)

In my analysis, social capital was tested as a moderator in the relationship between cultural
intelligence and knowledge sharing. While the main effect between cultural intelligence
and knowledge sharing remained significant with a path coefficient of 0.479 (p-value =
0.006) after including the moderator, the moderating effect of social capital itself was not
significant. The path coefficient for the interaction term was -0.021, with a p-value of
0.894, indicating that social capital does not significantly alter the strength of the
relationship between cultural intelligence and knowledge sharing in this model. Therefore,

the moderating hypothesis is not supported.

0.479 (0.006)

-0.021 (0.894)
]

cQ

Figure 5: Testing Moderation Effects
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3.7 Summary of the Results

The table below presents the results of the statistical assumptions testing.

Table 12: Statistical Assumptions test results

Hypothesis Relationship T statistics P value Result
Hl CQ->KS 5.169 0.000 Null hypothesis rejected
H2 SCx CQ ->KS 0.134 0.894 Rejected
H3 EI > KS 3.345 0.001 Null hypothesis rejected
H4 CQ > EI 12.728 0.000 Null hypothesis rejected
H5 CQ ->EI > KS 3.067 0.002 Null hypothesis rejected
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CHAPTER 4 DISCUSSION

4.1 Interpretation of Results and Discussion

The results highlight emotional intelligence as a mediating factor, with a positive
relationship observed between cultural intelligence and emotional intelligence, and another
between emotional intelligence and knowledge sharing. This mediation is confirmed as the
direct relationship between cultural intelligence and knowledge sharing becomes non-
significant. This finding is consistent with research by Crowne (2013), who demonstrated
that cultural intelligence significantly strengthens emotional intelligence, and by Magdy
Hussein (2023), who showed that cultural intelligence fosters the development of empathy,

a key component of emotional intelligence.

However, the hypothesis that social capital moderates the relationship between cultural
intelligence and knowledge sharing was not confirmed. This result should not be dismissed
lightly, as numerous studies, such as those by Borges et al. (2019), Ton et al. (2023), and
Reagans and McEvily (2003), have consistently demonstrated a positive relationship

between social capital and knowledge sharing.

While some studies argue that sparse networks can facilitate innovation by allowing for
novel information flow between disconnected groups (Burt, 2004), the lack of bridging ties
in this case undermines the potential for broad knowledge diffusion. Granovetter’s (1973)
work on the strength of weak ties suggests that such connections are essential for accessing

diverse information, yet these were largely absent in the current dataset.
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Furthermore, low reciprocity indicates that many reported relationships are perceived as
one-sided, which may hinder trust and collaboration. The absence of mutual
acknowledgment of ties could reflect underlying organizational issues such as silos or lack

of incentives for cross-departmental interaction.

Cultural and organizational factors may also play a role. For example, in some cultural
contexts, individuals may hesitate to report weaker ties, viewing them as less relevant or
significant (Bhagat & Hofstede, 2002). This cultural sensitivity might have contributed to

the underreporting of certain relationships.

The observation that most reciprocal ties occurred between individuals of different
countries suggests a potential for cross-national collaboration within this network. This
finding aligns with studies that highlight the importance of cultural intelligence (CQ) in
fostering interactions across national boundaries (Ang et al., 2007). However, the fact that
these ties were limited to intragroup connections indicates that organizational subcultures,

rather than nationality, may play a stronger role in shaping reciprocal relationships.

Subcultural divide between students, staff, and faculty could hinder the formation of cross-
role reciprocal ties. Differences in priorities, communication styles, and hierarchical
structures likely contribute to this segmentation (Schein, 2010, p.86). Such divides limit
opportunities for diverse collaborations, potentially impacting knowledge sharing and

innovation.

The novelty of this study lies in its method of evaluating social capital. Unlike previous
research, which either relied on questionnaires or conducted network analyses on entire

organizations, this study employed network evaluation metrics to assess individual social

36



capital—a relatively new approach. The challenges, such as incomplete responses and
isolated communication patterns, limited the analysis. Obtaining more comprehensive data
and utilizing all relevant metrics for measuring social capital dimensions would require all
participants to disclose their network connections, which was not fully achieved in this

study.

4.2 Theoretical and Practical Application

Theoretically, we observed the relationship between cultural intelligence, emotional
intelligence, and knowledge sharing, though we could not confirm the hypothesized link
between social capital and the other variables. Nevertheless, it is a significant insight that
fully utilizing the capabilities of network analysis software and accurately calculating
social capital’s dimensions, requires comprehensive data from all network members—

beyond what can be gathered through traditional questionnaires.

From a practical standpoint, the findings underscore the critical role cultural intelligence
plays in promoting knowledge sharing, primarily through enhancing emotional
intelligence. To boost knowledge sharing and gain organizational benefits—such as
reducing turnover, increasing learning, and improving productivity—organizations must
prioritize the development of cultural intelligence. This is especially important in diverse
environments like Canada, where immigrant populations are growing, and cultural

uniformity in the workplace is decreasing.

To enhance cultural intelligence (CQ) in organizations, a structured and practical approach

can be applied, starting with the identification of employees' strengths and weaknesses.

37



One effective method is through self-assessment or 360-degree feedback, where the
participant’s past behaviors in cross-cultural situations are evaluated (Cultural Intelligence,
2016). Once the individual’s areas for improvement are clear, targeted training can be
designed. For instance, an employee lacking cognitive CQ could engage in exercises such
as analyzing case studies to draw cultural insights, while someone with low motivational
CQ might perform simple tasks in a new cultural context, gradually building confidence.
Organizations should also provide resources and support, including experienced trainers
and time for the individual to focus on development. After engaging in these training
exercises, employees are encouraged to immerse themselves in a real-world cultural
setting, applying their learned skills and seeking feedback to reassess their progress.
Regular evaluation and adjustment of training plans ensure continuous development of CQ,

fostering an adaptive and culturally intelligent workforce.

Additionally, the findings of this research provide valuable insights for managers and
leaders aiming to enhance employee subjective well-being. As Shirmohammadi et al.
(2023) note, a supportive organizational environment that encourages the expression of
opinions, criticisms, and suggestions—enabled by leadership support—can help mitigate
the negative impacts of job stress, long working hours, financial vulnerabilities, or job
insecurity. This supportive environment significantly improves employee subjective well-
being. Moreover, transformational leaders who strive to foster a culture of knowledge
sharing and innovation can benefit greatly from enhancing emotional intelligence within

their workforce, as it contributes to creating a more collaborative and dynamic workplace.
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4.3 Limitations

This research has several limitations. Data for cultural intelligence, emotional intelligence,
and knowledge sharing were gathered through self-report questionnaires, which are prone
to respondent bias. Additionally, the study was conducted at a single point in time (cross-
sectional) within one organization, which limits the generalizability of the results. Another
significant challenge was collecting data related to the professional communication
networks of the organization’s members. Time constraints, lack of cooperation from many
respondents, reluctance to disclose personal connections (critical for mapping and
understanding the network), and incomplete responses led to the exclusion of several

participants.

One issue in measuring social capital in this study was the low response rate to a key
question about participants' relationships with people outside their department. This
question, along with five others, was meant to understand the full scope of social capital
across different departments. However, very few people answered this particular question,
which limited our ability to capture the full picture of their professional networks. This
problem suggests that using the snowball sampling method might have focused mainly on
people who have closer, more frequent connections—what we call "strong ties." However,
strong ties might not be the only ones that drive innovation or creativity. Research has
shown that "weak ties" (relationships with people outside the immediate circle) can also be
very important for sharing new ideas and knowledge (Granovetter, 1973; Burt, 2004).
These weak ties often connect different groups and can help spread information across

diverse networks.
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Additionally, A key limitation of this research is the inability to calculate network measures
like reciprocity due to incomplete or insufficient data. While reciprocity is a fundamental
aspect of social capital, its dynamics are deeply influenced by cultural norms. In cross-
cultural settings, reciprocity may manifest in diverse forms—ranging from direct
exchanges, as common in individualistic cultures, to generalized reciprocity prevalent in
collectivist cultures (Triandis, 1995, p.8). This cultural variability underscores the

challenge of fully capturing reciprocity in a quantitative framework.

4.4 Future Research Opportunities

There are several opportunities for future research. Although this study has contributed to
our understanding of how cultural intelligence (CQ) influences knowledge sharing, several
avenues for future research can be explored to extend these findings. One notable direction
involves examining social capital as a potential driver of knowledge sharing, rather than
solely focusing on CQ. While CQ is positioned as a predictor in this study, it is important
to acknowledge that social capital has been shown to play a significant role in facilitating
knowledge sharing in various organizational contexts (Borges et al., 2019; Reagans &
McEvily, 2003). Exploring whether social capital can drive the relationship between CQ
and knowledge sharing, or how CQ could moderate the impact of social capital, would

provide valuable insights into how these constructs interact.

Future research could explore the moderating role of CQ in the relationship between social
capital and knowledge sharing. For example, studies could investigate how CQ influences
individuals' ability to form and maintain social capital within cross-cultural or international

teams, where cultural differences may present unique challenges in building trust and
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collaboration (Crowne, 2013). This would allow for a deeper understanding of the

complexity of knowledge sharing in diverse environments.

In addition, Future research should address the limitations of sparse network structures and
low reciprocity by employing alternative methodologies and interventions. For instance,
automated tools for tracking interactions or incentivized surveys could help capture a more
comprehensive network structure. Also, it would be valuable to explore ways to enhance
reciprocity and interconnectivity within organizations. Initiatives such as cross-
departmental projects, team-building activities, or cultural training programs could foster

stronger ties and mutual relationships.

Moreover, a deeper investigation into the role of weak ties, as conceptualized by
Granovetter (1973), could provide valuable insights. Analyzing how these weaker
connections influence knowledge sharing and innovation across different organizational
settings would complement the findings of this study. Exploring the balance between
strong, frequent ties and weaker, diverse connections could yield a more nuanced

understanding of social capital's role in driving organizational performance.

Future studies should also consider cultural factors in network analysis. By examining
reciprocity from a cross-cultural perspective, researchers can better understand how
cultural norms shape perceptions of mutual relationships and their reporting. Future
research should further explore the factors enabling or impeding reciprocal ties across
organizational roles and national boundaries. Given the observed cross-national
reciprocity, a deeper examination of the role of CQ in facilitating such connections could

be particularly insightful.
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Additionally, interventions aimed at bridging organizational subcultures could be tested.
For example, cross-role team-building exercises, mentorship programs, or collaborative
projects may foster connections between students, staff, and faculty, encouraging
intergroup reciprocity. Similarly, exploring the role of trust and shared goals in driving
reciprocal relationships across subcultures would provide actionable insights for fostering

a more interconnected network.

Qualitative methods such as interviews or focus groups could provide a richer
understanding of why reciprocal ties remain limited to intragroup connections, despite the
presence of cross-national collaboration. These findings could inform strategies for

building more cohesive and innovative organizational networks.

Exploring the cultural dimensions of reciprocity and their implications for social capital
and knowledge sharing would be fruitful. For instance, while individualistic cultures
prioritize direct exchanges, collectivist cultures often value generalized reciprocity within
a community. Examining how these cultural norms shape network interactions can provide
deeper insights into the role of reciprocity in fostering collaboration. Future studies could
employ a mixed-methods approach, combining network analysis with qualitative

interviews, to capture the cultural subtleties of reciprocity more effectively.

Furthermore, with the increasing prevalence of remote work and virtual environments, the
role of online networks in knowledge sharing and cultural intelligence within the
workplace should be explored. Virtual communication platforms may create new dynamics

for interaction and collaboration that differ from traditional face-to-face communication.
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Investigating how these variables differ between genders offers another fruitful avenue for
research. Gender may influence how individuals build social capital, express emotional
intelligence, or share knowledge. Exploring these dimensions in diverse organizations
could help identify specific gender-related patterns or challenges in knowledge exchange
and professional network development, especially when combined with cultural

intelligence.

Additionally, the role of motivation should be closely examined. Employees' willingness
to engage in knowledge sharing, actively participate in network building, or enhance their
emotional and cultural intelligence is often driven by their motivation. Future studies could
focus on understanding how intrinsic and extrinsic motivators interact with these variables,
as well as the impact of organizational incentives in fostering these behaviors.
Understanding these motivational drivers could provide practical insights into how
organizations can better encourage the development of cultural intelligence and emotional

intelligence, leading to more effective knowledge sharing.

Future research can address the limitations of this study to improve the reliability and
generalizability of results. One important area for improvement lies in expanding data
collection methods. Since this study relied on self-report questionnaires, which can
introduce bias, future research could incorporate more objective measures, such as peer
evaluations or observational data, to validate responses on cultural intelligence, emotional

intelligence, and knowledge sharing.

Lastly, addressing the challenge of limited generalizability, future research should involve
multiple organizations and industries, potentially across different countries or cultural

contexts, to provide a broader understanding of the relationships under investigation.
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APPENDICES

APPENDIX A: Questionnaire

Demographics

Age — Text

Gender — Text

Work Experience (In years) — Text

Occupation — Student — Staff — Faculty

Nationality — Text

Country of Origin if different from Nationality — Text
Country of Residence — Text
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emotional intelligence scale - V. S. Schutte et al (1998)

The following questions are to be responded to on a scale of 1 to 7. 1 — Completely Disagree, 2 —
Disagree, 3 — Somewhat Disagree, 4 — Neutral, 5 — Somewhat Agree, 6 — Agree, and 7 — Completely

Agree

Survey Item Scale
1. I know when to speak about my personal problems to others 1 |2 |3 [4 |56 |7
2. When I am faced with obstacles, I remember times I faced similar | 1 2 13 (4 |5 |6 |7
obstacles and overcame them
3. Iexpect that I will do well on most things I try 1 |2 |3 (4|56 |7
4.  Other people find it easy to confide in me 1 |2 |3 [4 |56 |7
5. Ifind it hard to understand the non-verbal messages of other people 1 |2 |3 |14 |5 |6 |7
6. Some of the major events of my life have led me to re-evaluate whatis | 1 |2 |3 |4 |5 |6 |7
important and not important
7. When my mood changes, I see new possibilities 1 |2 |3 [4 |56 |7
8. Emotions are one of the things that make my life worth living 1 |2 |3 |4 |5 |6 |7
9. 1am aware of my emotions as I experience them 1 |2 |3 [4 |56 |7
10. I expect good things to happen 1 |2 |3 [4 |5 |6 |7
11. Ilike to share my emotions with others 1 |2 |3 (4 |5 |6 |7
12. When I experience a positive emotion, I know how to make it last 1 |2 |3 |14 |5 |6 |7
13. T arrange events others enjoy 1 |2 |3 [4 |56 |7
14. I seek out activities that make me happy 1 |2 |3 [4 |56 |7
15. 1am aware of the non-verbal messages I send to others 1 |2 |3 [4 |5 |6 |7
16. I present myself in a way that makes a good impression on others 1 |2 |3 [4 |5 |6 |7
17. When I am in a positive mood, solving problems is easy for me 1 |2 |3 |14 |5 |6 |7
18. By looking at their facial expressions, I recognize the emotionspeople | 1 |2 |3 |4 |5 |6 |7
are experiencing
19. 1know why my emotions change 1 |2 |3 [4 |5 |6 |7
20. When I am in a positive mood, I am able to come up with new ideas 1 |2 |3 [4 |5 |6 |7
21. Ihave control over my emotions 1 |2 |3 |14 |5 |6 |7
22. 1 easily recognize my emotions as I experience them 1 |2 |3 [4 |56 |7
23. I motivate myself by imagining a good outcome to tasks I take on 1 |2 |3 [4 |56 |7
24. 1 compliment others when they have done something well 1 |2 |3 [4 |5 |6 |7
25. 1am aware of the non-verbal messages other people send 1 |2 |3 [4 |5 |6 |7
26. When another person tells me about an important event in hisorher [ 1 |2 |3 [4 |5 |6 |7
life, I almost feel as though I have experienced this event myself
27. When I feel a change in emotions, I tend to come up with new ideas 2 |3 (4 |5 16 |7
28. When I am faced with a challenge, I give up because I believe I will 2 |3 (4|5 |6 |7
fail
29. 1know what other people are feeling just by looking at them 1 |2 |3 [4 |5 |6 |7
30. 1 help other people feel better when they are down 1 |2 |3 [4 |5 |6 |7
31. Tuse good moods to help myself keep trying in the face of obstacles 1 |2 |3 [4 |56 |7
32. Ican tell how people are feeling by listening to the tone of theirvoice | 1 |2 |3 [4 |5 |6 |7
33. It is difficult for me to understand why people feel the way they do 1 |2 |3 (4|5 |6 |7
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The Cultural Intelligence Scale (CQS) Ang et al, (2008)

The following questions are to be responded to on a scale of 1 to 7. 1 — Completely Disagree, 2 —
Disagree, 3 — Somewhat Disagree, 4 — Neutral, 5 — Somewhat Agree, 6 — Agree, and 7 — Completely
Agree

Survey Item Scale

1. I am conscious of the cultural knowledge I use when interacting with | 1 [ 2 |3 |4 |5 | 6
people with different cultural backgrounds.

2. Tadjust my cultural knowledge as I interact with people fromaculture | 1 |2 |3 [4 |5 |6
that is unfamiliar to me.

3. I am conscious of the cultural knowledge I apply to cross-cultural 1 {2 |3 |4 |56
interactions.

4. Icheck the accuracy of my cultural knowledge as I interact withpeople | 1 |2 |3 [4 |5 |6
from different cultures.

I know the legal and economic systems of other cultures.

I know the rules (e.g., vocabulary, grammar) of other languages.

1 know the arts and crafts of other cultures.

5 1
6. 1
7. 1 know the cultural values and religious beliefs of other cultures. 1
8. Iknow the marriage systems of other cultures. 1
9 1
1 1

(RO, L AV, R RO, R RO, ) V)

0. Iknow the rules for expressing nonverbal behaviors in other cultures

(O}

11. I enjoy interacting with people from different cultures. 1

NN N[NNI
[USRRUS) W |[W|W|W|W
B BN BN BN N RSN RN
[o2 ko) [o)} [o)} [o )} [o ) ko)) ko)

12. 1 am confident that I can socialize with locals in a culture that is | 1
unfamiliar to me.

\S]
w
N
W
[o)

13. I am sure I can deal with the stresses of adjusting to a culture that is | 1
new to me.

[\S}
w
N
(O}
[o)}

14. 1 enjoy living in cultures that are unfamiliar to me. 1

15. Iam confident that I can get accustomed to the shopping conditionsin | 1 |2 |3 |4 |5 |6
a different cultures.

16. 1 change my verbal behavior (e.g., accent, tone) when a cross-cultural | 1 [ 2 |3 |4 |5 |6
interaction requires it.

17. 1 use pause and silence differently to suit different cross-cultural | 1 (2 |3 |4 |5 |6
situations.

18. I vary the rate of my speaking when a cross-cultural situationrequires | 1 |2 |3 [4 |5 |6
it.

19. 1 change my nonverbal behavior when a cross-cultural situation | 1 (2 |3 |4 |5 |6
requires it.

20. I alter my facial expressions when a cross-cultural interactionrequires | 1 |2 |3 |4 |5 | 6
it.
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Knowledge sharing behavior scale items Yi, (2009)

Please indicate how much you agree or disagree with the following behaviors in the organization on a
scale of 1 to 7. 1 — Completely Disagree, 2 — Disagree, 3 — Somewhat Disagree, 4 — Neutral, 5 —

Somewhat Agree, 6 — Agree, and 7 — Completely Agree

Survey Item Scale

1. Submit documents and reports. 1 |2 |3 |4 |5 |6 |7

2.  Publish papers in company journals, magazines, or newsletters. 1 |2 |3 [4 |56 |7

3. Share documentation from personal files related to current work. 1 |2 |3 [4 |56 |7

4. Contribute ideas and thoughts to company online databases. 1 [2 |3 |4 |5 |6 |7

5. Keep others updated with important organizational information | 1 |2 |3 |4 |5 |6 |7
through online discussion boards.

6. Express ideas and thoughts in organizational meetings. 1 12 |3 (4 |5 |6 |7

7. Participate fully in brainstorming sessions. 1 |2 |3 [4 |56 |7

8. Propose problem-solving suggestions in team meetings. 1 |2 |3 [4 |5 |6 |7

9. Answer questions of others in team meetings. 1 |2 |3 14 |5 |6 |7

10. Ask good questions that can elicit others’ thinking and discussionin | 1 |2 |3 |4 |5 |6 |7
team meetings.

11. Share success stories that may benefit the company in organizational | 1 [ 2 |3 |4 |5 |6 |7
meetings.

12. Reveal past personal work-related failures or mistakes in |1 [2 |3 |4 |5 |6 |7
organizational meetings to help others avoid repeating these.

13. Make presentations in organizational meetings. 1 |2 |3 (4 |5 |6 |7

14. Support less-experienced colleagues with time from personal schedule. | 1 |2 |3 |4 |5 |6 |7

15. Engage in long-term coaching relationships with junior employees. 1 |2 |3 [4 |56 |7

16. Spend time in personal conversation (e.g., discussion in hallway,over | 1 |2 |3 |4 |5 |6 |7
lunch, through telephone) with others to help them with their work-
related problems.

17. Keep others updated with important organizational information | 1 (2 |3 |4 |5 |6 |7
through personal conversation.

18. Share passion and excitement on some specific subjects with others | 1 |2 |3 [4 |5 |6 |7
through personal conversation.

19. Share experiences that may help others avoid risks and trouble through | 1 (2 |3 |4 (5 |6 |7
personal conversation.

20. Have online chats with others to help them with their work-related | 1 |2 |3 [4 |5 |6 |7
problems.

21. Spend time in e-mail communication with others to help them with | 1 |2 |3 [4 |5 |6 |7
their work-related problems.

22. Meet with community* members to create innovative solutions for [ 1 |2 |3 [4 |5 |6 |7
problems that occur in work.

*Community: an informal network of people within or across organizations

who voluntarily share common practice, expertise, and interests on specific

topics. It is neither an organizational unit nor a team.

23. Meet with community members to share own experience and practice | 1 |2 |3 [4 |5 |6 |7
on specific topics with common interests.

24. Meet with community members to share success and failure storieson | 1 |2 |3 [4 |5 |6 |7
specific topics with common interests.

25. Meet with community members to work to encourage excellencein [ 1 |2 |3 |4 |5 |6 |7
community’s practice.

26. Support personal development of new community members. 1 |2 |3 (4|56 |7

27. Send related information to members through community e-mail list. 1 |2 |3 (4|56 |7

28. Share ideas and thoughts on specific topics through company 1 |2 |3 |4 1|5 1]6 |7
supported online community-of-practice system.
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To answer the following questions, consider only the communication within the university
and provide only one answer (one person) for each question. For each answer, write the
first name and last name of the desired person and write their email address. This contact
information will be used to recruit them to participate in the study.

Your first name: ............. Your last name: ................ Your email address:..............
Survey Item from Name Email On average how often do
Identification and Social Networks address you talk to each other?
Questionnaire (Foster, 2015) (1=Rarely, 2=Sometimes,

3=0Often, 4=Usually, and
5=Almost always)

1. to whom do you turn for work 1 2 3 4 5
advice and information?
2. who is the friend, among your 1 2 3 4 5

colleagues, whom you see most
often socially?

3. Who do you have the most 1 2 3 4 5
contact with from other
university departments, other
than your own?

4. to whom do you turn for 1 2 3 4 5
personal advice?

5. to whom do you turn for 1 2 3 4 5
emotional support?

6. to whom do you turn for work- 1 2 3 4 5

related knowledge?
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APPENDIX B: Tables related to descriptive statistics

Description of demographic characteristics

Gender
Cumulative
Frequency Percent  Valid Percent Percent
Valid Male 15 429 429 429
Female 20 57.1 571 | 100.0
Total 35 100.0 100.0

Occupation (Student /Staff /Faculty member)

Cumulative
Frequency Percent Valid Percent Percent
Valid STU 14 40.0 40.0 40.0
STF 10 286 28.6 68.6
FAC 10 _EB.E 286 a71
RES 1 29 2.9 100.0
Total 35 100.0 100.0
Country of Origin
Cumulative
Frequency Percent Valid Percent Percent
Walid Canada 12 343 343 34.3
Other than Canada 23 65.7 65.7 100.0
Total 35 100.0 100.0
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Description of emotional intelligence questionnaire answers

Minimum Maximum

Mean

Std. Deviation

1.1 know when to speak
about my personal
problems to others

2. When | am faced
with obstacles, | remember
times | faced similar
obstacles and overcame
them

3. | expect that | will
do well on most things | try
4. Other people find it
easy to confide in me

5 | find it hard to
understand the non-verbal
messages of other people
6. Some of the major
events of my life have led
me to re-evaluate what is
important and not important
7. When my mood
changes, | see new
possibilities

8. Emotions are one
of the things that make my
life worth living

9. | am aware of my
emotions as | experience
them

10. | expect good
things to happen

11. | like to share my
emotions with others

12. When | experience
a positive emotion, | know
how to make it last

13. | arrange events
others enjoy

14. | seek out activities
that make me happy

15. | am aware of the
non-verbal messages |
send to others

16. | present myself in
a way that makes a good
impression on others

17. When | amin a
positive mood, solving
problems is easy for me
18. By looking at their
facial expressions, |
recognize the emotions
people are experiencing
19. | know why my
emotions change

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

2

55

7

6.00

5.89

5.37

5.74

3.34

5.43

4.49

5.29

6.03

5.57

5.06

5.14

5.09

5.66

5.43

5.60

5.63

5.63

5.83

.970

.932

1.114

1.197

1.814

1.290

1.292

1.384

.618

1.313

1.327

1.089

1.197

1.083

1.357

1.006

.942

1.215

.857



20. When lamin a
positive mood, | am able to
come up with new ideas

21. | have control over
my emotions
22. | easily recognize

my emotions as |
experience them

23. | motivate myself
by imagining a good
outcome to tasks | take on
24. | compliment others
when they have done
something well

25. | am aware of the
non-verbal messages other
people send

26. When another
person tells me about an
important event in his or her
life, | almost feel as though |
have experienced this event
myself

27. When | feel a
change in emotions, | tend
to come up with new ideas
28. When | am faced
with a challenge, | give up
because | believe | will fail
29. | know what other
people are feeling just by
looking at them

30. | help other people
feel better when they are
down

31. | use good moods
to help myself keep trying in
the face of obstacles

32. | can tell how
people are feeling by
listening to the tone of their
voice

&3 It is difficult for me
to understand why people
feel the way they do

Valid N (listwise)

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

5.71

5.29

5.54

5.20

6.31

5.14

4.86

4.89

2.49

4.86

5.77

5.29

5.54

2.9

.893

1.126

.886

1.368

.963

1.089

1.353

1.051

1.502

1.264

.973

1.250

919

1.401
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Description of cultural intelligence questionnaire answers

Minimum

Maximum

Mean

Std. Deviation

1. | am conscious of the
cultural knowledge | use
when interacting with people
with different cultural
backgrounds.

2. | adjust my cultural
knowledge as | interact with
people from a culture that is
unfamiliar to me.

8 | am conscious of
the cultural knowledge |
apply to cross-cultural
interactions.

4. | check the accuracy
of my cultural knowledge as
| interact with people from
different cultures.

5 | know the legal and
economic systems of other
cultures.

6. | know the rules (e.g.,
vocabulary, grammar) of
other languages.

7. | know the cultural values
and religious beliefs of other
cultures.

8. | know the marriage
systems of other cultures.

9. | know the arts and crafts
of other cultures.

10. | know the rules for
expressing nonverbal
behaviors in other cultures
11. | enjoy interacting with
people from different
cultures.

12. | am confident that | can
socialize with locals in a
culture that is unfamiliar to
me.

13. | am sure | can deal with
the stresses of adjusting to a
culture that is new to me.
14. | enjoy living in cultures
that are unfamiliar to me.
15. | am confident that | can
get accustomed to the
shopping conditions in a
different culture
16. | change my verbal
behavior (e.g., accent, tone)
when a cross-cultural
interaction requires it.

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

2
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7

5.49

5.51

5.51

5.51

4.31

4.31

4.60

4.11

4.26

3.69

6.34

5.46

5.34

5.46

5.60

4.94

1.173

1.121

1.121

1.269

1.231

1.605

1.218

1.255

1.421

1.323

.998

1.268

1.136

.950

1.035

1.533



17. | use pause and silence
differently to suit different
cross-cultural situations.
18. | vary the rate of my
speaking when a cross-
cultural situation requires it.
19. | change my nonverbal
behavior when a cross-
cultural situation requires it.
20. | alter my facial
expressions when a cross-
cultural interaction requires
it.

Valid N (listwise)

35

35

35

35

35

4.83

5.09

4.89

4.71

1.317

1.245

1.323

1.250
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Description of knowledge-sharing questionnaire answers

Minimum

Maximum

Mean

Std. Deviation

1. Submit documents
and reports.

2. Publish papers in
company journals,
magazines, or newsletters

3. Share
documentation from personal
files related to current work.
4. Contribute ideas and
thoughts to company online
databases.

5 Keep others updated
with important organizational
information through online
discussion boards.

6. Express ideas and
thoughts in organizational
meetings.

7. Participate fully in
brainstorming sessions.

8. Propose problem-
solving suggestions in team
meetings

9. Answer questions of
others in team meetings

10. Ask good questions
that can elicit others’ thinking
and discussion in team
meetings

11. Share success
stories that may benefit the
company in organizational
meetings.

12. Reveal past personal
work-related failures or
mistakes in organizational
meetings to help others avoid
repeating these

13. Make presentations
in organizational meetings.
14. Support less-
experienced colleagues with
time from personal
schedules.

15. Engage in long-term
coaching relationships with
junior employees

16. Spend time in
personal conversation (e.g.,
discussion in a hallway, over
lunch, through telephone)
with others to help them with
their work-related problems.

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

35

3

1
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7

7

5.97

4.89

4.06

4.89

4.77

5.71

5.57

5.86

5.83

5.77

4.97

5.09

5.63

5.94

5.69

5.71

1.124

1.762

1.731

1.409

1.437

.957

1.335

1.033

.954

1.140

1.445

1.422

973

.938

1.132

1.296



17. Keep others updated
with important organizational
information through personal
conversation.

18. Share passion and
excitement on some specific
subjects with others through
personal conversation
19. Share experiences
that may help others avoid
risks and trouble through
personal conversation
20. Have online chats
with others to help them with
their work-related problems.
21. Spend time in e-mail
communication with others to
help them with their work-
related problems.

22. Meet with community*
members to create innovative
solutions for problems that
occur in work.

*Community: an informal
network of people within or
across organizations who
voluntarily share common
practice, expertise, and
interests on

23. Meet with community
members to share own
experience and practice on
specific topics with common
interests.

24. Meet with community
members to share success
and failure stories on specific
topics with common interests.
25. Meet with community
members to work to
encourage excellence in the
community’s practice.

26. Support the personal
development of new
community members

27. Send related
information to members
through the community e-
mail list.

28. Share ideas and
thoughts on specific topics
through company company-
supported online community-
of-practice system.

Valid N (listwise)

35

35

35

35

35

35

35

35

35

35

35

35

35

5.43

5.71

5.71

5.23

5.40

5.17

5.17

4.97

5.23

5.40

4.94

4.74

1.170

1.017

.987

1.262

1.006

1.224

1.014

.985

1.031

1.090

1.056

1.482
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APPENDIX C: Network Documents
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UCINET output: Information centrality

Mote: this procedure automatically symmetrizes matrices by maximum.

Information centrality scores

=Y
ey
f=Y
s

.844
.845
.845
.845
.844
.844

[ S )
(S I =N VU )
[ = S
[N R =~ W Iy

1
Info
Cent
1 1 8.863
2 2 8.867
3 3 B.856
4 4 B.0666
5 5 @.8l6
6 6 6.816
7 7 8.8l6
8 8 06.889
9 9 B@.862
18 16 8.889
11 11 @.858
12 12 8.868
13 13 B.868
14 14 @.868
15 15 B.8686
16 16 @.868
17 17 B8.858
18 18 8.853
19 19 @.853
28 28 8.86l
21 21 8.857
22 22 8.857
23 23 B.8l6
24 24 8.816
25 25 B.8l6
26 26 8.858
27 27 B.858
28 28 8.858
29 29 B.859
38 38 8.856
31 31 8.855
32 32 @.86l
33 33 B.858
34 34 8.863
35 35 B.866
36 36 8.862
37 37 B.868
38 38 8.845
30 39 B@.858
46 48 8.857
e
a
e
a
e
a

=y
(=]
=Y
o
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47 47 08.855
48 48 9.855
49 49 9.@22
58 56 6.ec2
51 51 @.821
52 52 @.@21
53 53 @.e37
54 54 6.859
55 55 @.e16
56 56 ©.853
57 57 8.851
58 58 @.e51
59 59 6.8l6
68 68 8.855
61 61 ©6.643
62 62 ©.842
63 63 6.842
64 64 ©6.643
65 65 8.842
66 66 ©.842
67 67 ©.643
68 68 0.843
69 69 6.849
78 76 ©.653
71 71 ©.838
72 72 6.0838
73 73 @.63@
74 74 6.0838
75 75 8.0638
76 76 ©.643
77 77 8.843
78 78 06.036
79 79 @.@36
80 368 0.836
81 81 @.@36
82 82 ©.@36
83 83 0.836
84 84 6.042
85 85 6.e42
86 86 ©.842
87 88 6.642
88 89 ©.068
89 9@ 6.857

89 rows, 1 columns, 1 levels.



UCINET output: Effect size
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47 47
48 48
49 49
58 5a
51 51
52 52
53 53
54 54
55 5L
56 56
57 57
58 58
59 5o
68 6e
61 61
62 62
62 63
64 64
65 65
66 66
67 &7
68 68
69 B9
78 7@
71 71
72 72
73 73
74 74
75 75
76 76
77 77
78 78
79 79
28 28
81 81
82 82
83 83
84 84
85 85
86 86
87 88
88 20
80 %@

-8.693
-1.899

e
e

e.5ee
8.333

1
1

e

a8.866 e -1.792

e.167

1

-1.899
-8.693

e
e

8.333
e.5e8

1
1

-1.899
-1.689

e
e

8.333
e.288

1
1

28

28

-1.689

4

e

8.260

1

12

-1.386

e

e.258

1

-1.899

e

8.333

1

80 rows, 11 columns, 1 levels.
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UCINET output: Effect size

position measures

2345
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Node-level tie com
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1 177168
2 288

3 333168

4 46618

5 5221689

6 62218

771118
8 866

9 955168

18 18 @ @

11 11 22 1 6

121211168

13131118

14 14 111 8

1515111 8

16 16 1 1 1 8

17 17 3 3 1 8

1218111 6

19191118

286 28 221606

212122168

222211108

2323221868

24 24 22168

25251118

26 26 11168

27 271116

28281118

20202216

3838 221689

3131111686

323244189

333311168

34 3477168

353511168

36 36 22106

373722168

3387716

39393318686

48 48 1 1 1 8

41 411118

42 42 5518
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43 43 3 3 1 @

44 44 2 2 1 @

45 45 11 1 @

46 46 1 1 1 @

47 47 111 @

48 48 11 1 @

49 49 2 2 1 @

e 58 3 31¢@
51511118¢@
t2521118@
52 536618@
t4541118@

55 551118¢@
Ss6 563316
5757 2218@
58 581118¢@
9501118
66 68 3 3 1 @
61 61 551 8@
62 621 11@
6263 1118@
64 64 551 @

65 65111 @
6beb 111 @
6767 1118@
68 68 111 @
B9 B9 1118
iaval111ae
1714418

72721118@
72 73111@
4 741118@

75751116
7jai7el11a@a
MFrI11168
7javal111a
/@79 l1118@
B 881116
81 81 1118¢@
82 821118
82 83 1118¢@
84 84 111¢@

85 851 11¢@
8686 111@
87 881118¢@
88 8093 2 1@
800 111@

319 rows, 5 columns, 1 levels.
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UCINET output: Reciprocity of the whole network

Input dataset:
Method:
Dutput dataset:

overall Reciprocity Measures

1

Measur

es

1 Recip Arcs 1@

2 Unrecip Arcs 73

3 All Arcs 83
4 Arc Reciprocity e.120 {3

5 Sym Dyads 5

6 Asym Dyads 73

7 All Dyads 78
8 Dyad Reciprocity @.e64 <3
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APPENDIX D: Constructs’ Factor Analysis

Cultural intelligence

| €Q_BEH1 <- £O BEH 0.751 |

s
| €Q_BEH2 <- CQ BEH 0,943 D
| CO_BEM3 =- CQ BEH 0.826 o
| €Q BEH4 <- €Q BEH orsy 0
| €O BEHS <- €Q BEH oeis B
| €Q_COG1 <- €Q COG 0687 W camct
| £Q COG2 <- € COG 0878 e
€Q COG3 <- €Q COG 0725 D o
€0 COG4 <- €Q COG T [ e
€Q OGS <- €Q €06 0.782 -
| €0 COGK <- CQ COG 0,663
' ca_Mc1 <- o Mc 0922 -
| €Q MEZ <- CQ MC 0.954 o
| €Q MC3 <- €Q MC 094! T
| €Q Me4 <- caMe 0,695 -
| €Q_MOTI <- CQ_MOT 0677 i
| €0 MOT2 <- CQ MOT 0,602
E Eq_“ﬂ'ﬂ‘ =- 00 _MOT 0.5619 .
| €Q_MDT4 <- CQ_ MOT 0.825 : :
| €Q MOTS <- CQ MOT 0843

Emotional Intelligence

s
E_LMOT3 <- EI_MOT 0.741 >
EI_MOT7 <- EI_MOT ogzz| ™
EILMOTS <- El_MOT 0589 =
EILMOWS3 <- El MOW 0682 ™
EILMOW? <- ELMOW osar| *

EI_MOWS <- EI_MOW 0.851 M

EI_PE4 <- EI_PE 0920 @

EI_PE7 <- EI_PE 0560| -um
EI_PES <- EI_PE om8| w
EI_PE9 <- EI_PE 0550 =
EI_UE4 <- EI_UE 0749
EI_UES <- EI_UE 0947
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Knowledge Sharing

. =a B T = e

K5_CP1 <- KS_CP a7 Ll
KS_CP2 <- KS_CP a2 i
K5 CP3 <- K5 CP (ha21 e
K5 CP4 <-KSCP Q753 -
KS_CPS <- KS_CP T3 e
KS_CP6 =- KS_CP 0596 @
KS_CPT <- KS CP 0604 e
S OC1 <- K5 0C (1L £
KS DC2 <- K5.0C OB75 2
K5_0C3 <- K5 OC a3y sy
KS_OC4 <- K5 OC A4G -1
KS.0C5 = K5.0C 718
KS_OCB <- K5.0C 0833
KS_PI1 <- KS_PI 0726 '::

[-]
KS_PiZ <- K5 Pl QBT i
K5_PI3 <- K5_PI QRTT

a
KS Pl4 <- KS PI 0872 g

adn
KS_PIS <- K5 P (961

i
KS_PI6 <- K5 Pl 1914 :

o
KS_PIT <- K5_PI 1510 =
KS P18 =- KS_PI QEES g
K5 WiCA <. K5 WC Q845 e

Collinearity Statistics (VIF)

VIF,
CO-BEH 1927
CO-MC 1927
El-MOT 138

[es-mow 1771
El-PE 1.45)
EI-UE 1867
K5-CP 4,807
K5-0C" 1893
K5-PI
SC-Cognitive'

SC-Relational
SC-Structural

70



APPENDIX E:

Bootstrapping results (Outer weights/Loadings and P-values)

B-MAOT El-PE’
BT fACE OO0 0761 [0.000] Bue

K5-CP
CO-8EH

-

0313 (000} 0561 MO0

071300000} K5-OC

02T (000 I

P 3 "ol
00-MC o e =

5C
QBTT[O0&H ooy igie OB IMTH
|
S-Cngntive’ 5 -Aelatianal SCEwuchunl

Algorithm results (Social capital indicators’ outer loadings)

El-hCHy El-FE
H-MOT b\ f EI-LE
P ase 0T ok
0746 LBOG

5P

B2 &2

5C-Relatiaral SC-Syuctuml
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APPENDIX F: Path Coefficients

Direct relationship

€q-= KS 0587 0609 0114 5.969 0.000

Mediation effect

Q> | 0A09 CADG 0064 12728 0,000
C0-= KS 0119 0125 0289 0620 Q520
El - K§ 0559 0569 0167 3.345 0.001

CQ->KS 0452 0450 047y 3.067 ooz

Moderation effect

L i'.I-':".-'.' o 7:-"1'1'-"-.:"-""-' L !':'L'.i.: r.'h:-':-'f-_\':_.l ':""-:"l'll :: i . F.':"-";'.'-'E-‘i" o .‘!:-'.4'1?""' ':" i "‘I'-"'?" - ""-?."'—'."‘i '|"-."'=.:
€q-= Ks 0479 0485 0.176 2729 0,006
5C-= KS 0193 0.261 0187 1032 302
SCx CQ-> KS 021 007 0360 0134 0854

To maintain clarity and professionalism, Grammarly software was employed to ensure the

accuracy of spelling and grammar throughout the writing of this research.
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